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Abstract 

Purpose - Examining how the interaction between Artificial Intelligence (AI) capabilities and 

organizational leadership dynamics can strengthen business strategic decision-making processes. 

Design/methodology/approach – A Systematic Literature Review (SLR) methodology following the 

PRISMA protocol was employed. Data were screened from the Scopus database up to July 2026, resulting 

in a final cohort of 30 English-language scholarly journal articles for qualitative analysis. 

Originality - Introducing the concept of "Algorithmic Bounded Rationality" to explain AI limitations (such 

as data bias, contextual rigidity, and factual inaccuracies) and developing a "Triple Helix" model that 

emphasizes the importance of synergy between machine precision and human cognitive curation (human-

in-the-loop governance). 

Findings and Discussion – The effectiveness of AI is not technologically deterministic; AI capabilities—

ranging from predictive analytics to generative models—require organizational mediators such as ethical 

leadership, a digital mindset, and strategic ambidexterity. AI acts as a cognitive prosthesis that frees up a 

leader's capacity from routine operational tasks, yet it still requires the contextual intuition and ethical 

governance of human leaders. Most literature focuses on quantitative or conceptual approaches, while in-

depth, case-study-based qualitative research remains very limited. 

Conclusion – AI does not replace the role of executive leaders; instead, it serves as a cognitive aid. 
Organizations that successfully integrate AI's computational precision with ethical and responsive human 

leadership achieve the greatest competitive advantage. 

 

Keywords – Artificial Intelligence, Leadership Decision Making, Dynamic Managerial Capabilities, 

Algorithmic Bounded Rationality, Human AI Complementarity 

 

Introduction 

The integration of artificial intelligence (AI) into organizational strategy and 

management theory has emerged as a central theme in contemporary business 

environments (Neiroukh et al., 2024) AI is frequently portrayed as a powerful tool capable 

of processing vast datasets, detecting subtle patterns, and accelerating decision-making 

speed without sacrificing quality (Greengrass, 2026). Despite this strong normative 

alignment, the empirical reality of AI adoption in business leadership reveals a complex 

and contingent phenomenon. The relationship between AI implementation and improved 

decision-making is not automatic, and the organizational performance outcomes remain 

unevenly distributed depending on implementation structures, data culture, and human 
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capital management (Call et al., 2026; Jaboob et al., 2025). In this context, business 

leadership decision-making spanning from tactical operational actions to major long-term 

strategic choices represents a highly complex and structurally critical environment. 

Today's organizational leaders operate in high-pressure settings where cognitive fatigue, 

information overload, and inherent human limitations, such as anchoring and availability 

biases, can severely compromise diagnostic accuracy and efficiency (Greengrass, 2026). 

AI capabilities possess the potential to mitigate these cognitive biases while 

generating and evaluating strategies at a scale comparable to human entrepreneurs and 

investors, thereby democratizing access to high-quality strategic analysis (Csaszar et al., 

2024). These characteristics intensify the complexity of coordinating AI initiatives, 

making leadership decision-making a particularly instructive context for examining the 

intersection of machine intelligence and human cognitive capabilities. However, the 

current literature on AI and leadership decision-making remains fragmented across both 

empirical focus and theoretical interpretation. First, while AI's impact on isolated 

decision-support systems such as retail store expansion or multidisciplinary tumor boards 

has been well documented, the broader integration of AI across varying levels of 

leadership decisions remains insufficiently explored (Pahuja et al., 2024; Wang et al., 

2025). Second, existing studies tend to treat AI systems purely as technical instruments 

to accelerate operational speed, offering a limited understanding of how AI reconfigures 

the sources of competitive advantage and human capital requirements (Sandeep & 

Lavanya, 2025).  

Third, prior research has paid limited attention to the mediating role of 

organizational dynamics, specifically digital leadership and data-driven culture, in 

determining the effectiveness of AI implementation (Hung et al., 2023; Jaboob et al., 

2025). Consequently, the literature still lacks a holistic perspective on how AI interacts 

with human agency to generate measurable competitive advantages. Therefore, this study 

uses a socio-technical and dynamic managerial capabilities lens to examine the integrated 

impact of AI on business leadership decision-making (Sandeep & Lavanya, 2025). It 

moves beyond treating AI as a plug-and-play computational tool and instead 

conceptualizes AI adoption as a collaborative process embedded in organizational 

readiness, ethical governance, and human-AI complementarity (Nurlatifah, 2026). 

Through a systematic literature review, existing evidence is reinterpreted to identify 

recurring patterns in which digital leadership, data quality, and human cognitive 

integration dictate the success of AI-enhanced decisions (Ojha et al., 2024). This 

perspective responds to the limitations of prior studies, which have predominantly 

examined only partial intersections, such as AI's algorithmic accuracy or isolated 

performance metrics, without capturing the combined human-machine dynamics. 

Therefore, the research question leading this study is: How do AI capabilities and 

organizational leadership dynamics interact to strengthen business decision-making? 

 

Literature Review 

Dynamic Managerial Capabilities and Algorithmic Bounded Rationality  
The theoretical foundation for understanding how leaders integrate AI into decision-

making lies in the theory of Dynamic Managerial Capabilities (DMC). DMC refers to the 

accumulated skills, knowledge, and cognitive frameworks that enable managers to sense 

opportunities, seize them strategically, and reconfigure organizational assets during 

periods of technological change (Heubeck & Meckl, 2022; Hussain et al., 2026). Within 
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digital transformation contexts, a leader’s cognitive capability acts as a critical 

moderating variable; managers with stronger general skills and cognitive sophistication 

are better equipped to extract maximum value from complex decision support systems 

(DSS) and align digital investments with strategic goals (Chen & Sui, 2025). The 

introduction of AI into these systems significantly alters traditional decision-making 

frameworks. Historically, human decision-making has been constrained by cognitive 

limitations and inherent biases, such as anchoring and premature closure (Greengrass, 

2026). While AI mitigates these human limitations by processing heterogeneous datasets 

to identify complex patterns, it introduces a new paradigm conceptualized as "algorithmic 

bounded rationality". In this paradigm, rationality remains bounded, but the boundaries 

shift from human cognitive limits to algorithmic constraints, such as data opacity, bias, 

and governance maturity (Wang et al., 2025). Consequently, dynamic managerial 

capabilities are no longer just about human reasoning, but rather about a leader's ability 

to dynamically reconfigure decision authority knowing when to rely on AI for data-

intensive tasks and when to prioritize human intuition for high-ambiguity contexts. 

 

Evolution of Decision Support Systems in Strategic Leadership  

Decision Support Systems have evolved fundamentally from rule-based architectures 

relying on explicit expert knowledge to dynamic platforms powered by machine learning 

and big data analytics. This evolution has shifted AI's role from merely supporting 

operational tasks, such as predictive maintenance in manufacturing, to driving high-level 

strategic decisions (Haldar et al., 2025; Rosati et al., 2023). For instance, hybrid 

optimization models combining transformer architectures and reinforcement learning 

have demonstrated predictive accuracy exceeding 90% for market share and profit 

growth, directly contributing to corporate market positioning and competitive advantage 

(Pu et al., 2025). Furthermore, current Large Language Models (LLMs) can generate and 

evaluate organizational strategies at a scale comparable to human entrepreneurs, 

democratizing access to sophisticated strategic analysis (Csaszar et al., 2024). In high-

stakes business contexts, such as retail expansion, AI-powered DSS provides evidence-

based recommendations that materially improve leadership choices (Pahuja et al., 2024). 

However, the effectiveness of these advanced systems is heavily contingent on Data-

Driven Decision-Making (DDDM) frameworks. Organizations must cultivate a robust 

data culture, ensure algorithmic interpretability, and secure top management support to 

translate raw DSS outputs into measurable organizational performance. 

 

Human-AI Complementarity and Digital Leadership  
A central debate in contemporary organizational science is whether AI substitutes for or 

complements human intelligence. The emerging consensus and the core premise of this 

study is the Human-AI Complementarity model. This model posits that while AI excels 

at internal data analysis and environmental scanning, human intelligence remains 

indispensable for seizing opportunities by aligning analytical outputs with external 

market contexts and tacit knowledge (Siaw & Ali, 2024). Rather than operating in a 

hierarchical tool-user dynamic, optimal organizational outcomes emerge when humans 

and AI function as a "collective intelligence," exhibiting symbiotic teamwork 

(Chowdhury et al., 2023). Empirical evidence from medical decision-making illustrates 

this: when human professionals and AI collaborate, the hybrid team's diagnostic accuracy 

outperforms either entity operating independently, provided the human actors 

appropriately calibrate their trust in the AI's recommendations (Reverberi et al., 2022).  
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The successful realization of this complementarity depends heavily on digital 

leadership (Jaboob et al., 2025). Digital leadership moderates the relationship between AI 

implementation and decision quality by actively managing organizational readiness and 

overcoming resistance (Hung et al., 2023). Employees frequently harbor skepticism 

toward AI due to fears of job displacement and algorithmic opacity (Chowdhury et al., 

2023). Therefore, effective leaders must invest simultaneously in both technological 

infrastructure and human capital development. This includes implementing transparent 

knowledge-sharing strategies and ethical governance frameworks that clearly delineate 

responsibility and accountability between human managers and AI systems. Ultimately, 

AI's ability to strengthen leadership decisions is not merely a product of computational 

power, but a manifestation of how effectively digital leaders integrate machine 

intelligence with human cognitive and dynamic capabilities.  

 

Methods, Data, and Analysis 

This paper presents a systematic literature review (SLR) to examine how artificial 

intelligence (AI) capabilities and organizational leadership dynamics interact to 

strengthen business decision-making. An SLR was considered appropriate for this study 

because the research field intersecting AI technologies, cognitive decision-making, and 

organizational leadership remains fragmented. Compared with narrative or purely 

conceptual reviews, an SLR allows for a transparent, replicable, and rigorous synthesis 

of dispersed evidence, while reducing selection bias and enabling the identification of 

cumulative patterns and underexplored relationships (Hadi et al., 2026). The keyword 

search string utilized in this database extraction was in table 1 and the systematic article 

selection and screening process across identification, screening, eligibility, and inclusion 
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Figure 1 

 
The review adheres to a transparent, replicable methodology designed to minimize 

bias in data selection and reporting, in accordance with the Preferred Reporting Items for 

Systematic Reviews and Meta-Analyses (PRISMA) guidelines (Hadi et al., 2020). The 

PRISMA checklist provided a clear, reproducible, and transparent process, guiding the 

identification, screening, eligibility, and inclusion of studies. The first step involved 

identifying relevant and eligible studies using the Scopus database, which is widely 

recognized for its extensive and high-quality coverage of academic literature across 

management, business, and technology disciplines. Scopus was selected because it 

provides broader journal coverage than other databases, ensuring a comprehensive and 

reliable dataset for analyzing how AI and organizational leadership interact  

The systematic literature review process followed the Preferred Reporting Items for 

Systematic Reviews and Meta-Analyses (PRISMA) guidelines. An initial search of the 

Scopus database using the defined search string across article titles, keywords, and 

abstracts yielded 15,596 records. Through a sequential refinement process focusing on 

abstracts (9,779 records) and titles (250 records), the pool was narrowed. Language 

filtering restricted the records to English (248 records), and document type filtering 

limited the selection strictly to peer-reviewed journal articles (82 records). Further 

filtering for open-access publications yielded 50 articles. A rigorous full-text assessment 

of these 50 articles resulted in the exclusion of 20 studies that focused purely on technical 

algorithm development without organizational implications or fell outside the scope of 
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business leadership and decision-making dynamics. Consequently, a final cohort of 30 

studies was included in this systematic review for comprehensive analysis. 

The summary of the inclusion and exclusion criteria applied during this selection process 

to directly target the interaction between AI capabilities and leadership dynamics is 

outlined in Table 1. 

 
Table 1. Inclusion and exclusion criteria for the selection of papers 

Criteria Description 

Search 

string 

( "Artificial Intelligence" OR "AI" ) AND ( "Leadership" OR "Strategic Decision" 

OR "Decision Making" OR "Managerial Cognition" ) AND ( "Business" OR 

"Organization" OR "Corporate" ) 
Database: Scopus 

Temporal scope: Up to July 2026 

Inclusion 

criteria 

 Articles exploring how AI capabilities and organizational leadership 

dynamics interact to strengthen business decision-making. 

 Articles examining the integration of AI within organizational 

contexts, focusing specifically on digital leadership, human-AI 

complementarity, and dynamic managerial capabilities. 

 English language publications. 

 Peer-reviewed journal articles. 

 Open Access publications. 

 Published up to July 2026. 

Exclusion 

criteria 

 Articles not written in English. 

 Document types such as books, book chapters, conference 

proceedings, or editorials. 

 Closed access publications. 

 Articles published after July 2026. 

 Articles focusing purely on the technical development of algorithms 

without organizational or managerial context. 

 Articles focusing on AI in domains unrelated to business leadership 

or strategic decision-making. 

To ensure a rigorous review process, the selected final cohort of 30 studies was 

analyzed through a structured protocol based on predefined analytical categories designed 

to answer the research question. 

 

Results 

The temporal distribution of publications indicates a clear upward trend in research 

activity over the period examined. Early output remains limited, with publications 

between 2021 and 2023 accounting for only 13.3% of the total (4 out of 30). A 

pronounced increase begins in 2024, marking the start of a sustained phase of research 

interest. The year 2024 accounts for 20.0% of all publications (6 of 30). The publication 

activity rises sharply in 2025 with 9 publications (30.0%), and peaks in 2026 at 11 

publications (approximately 36.7% of all studies), underscoring the growing and 

sustained relevance of artificial intelligence and data-driven decision-making in recent 

years. Figure 1 shows the temporal distribution. 

 



144 

 

International Journal of Economics and Management Review (IJEMR)  

Vol. 4 No. 2 (2026) pp. 138-159 SmartIndo (Smart Training Indonesia) ISSN 2964-3007 

 

Figure 1. Temporal Distribution of Publication 

 

The methodological distribution shows a clear predominance of empirical and 

quantitative approaches, which account for the largest segment of the studies (43.3%). 

Conceptual and model-building analyses represent 36.7% of the total, indicating a 

substantial theoretical and framework-oriented focus. Literature reviews and bibliometric 

analyses constitute 10.0% of publications, whereas unspecified or other methodologies 

account for the remaining 10.0%. The limited presence of purely qualitative case studies 

suggests a gap in the in-depth, context-specific exploration of AI implementation in 

business settings, highlighting an area for growth and further investigation in future 

research (Table 2). 

 

Table 2. Methodological Distribution of Selected Studies 

Methodology Number of Publications Percentage (%) 

Empirical / Quantitative 15 43.3.0% 

Conceptual / Model-building 11 36.7% 

Review / Bibliometric 4 10.0% 

Qualitative / Case Study 0 10.0% 

Total 30 100% 

The analysis of the selected studies reveals several interconnected topics that 

characterise AI and data-driven transformation in the business sector. The first topic, 

emerging from the analysis, concerns AI-driven strategic decision-making and 

performance, which is predominantly featured in a vast majority of the literature (90.0%, 

or 27 of 30 studies). It is characterised by a strong focus on business analytics, operational 

efficiency, and predictive modelling aimed at organisational performance improvement. 

A second prominent topic, present in 53.3% of the studies, centres on the contribution of 

AI to sustainability and innovation, highlighting a growing interest in how digital 

technologies align with environmental goals, sustainable development, and SDG targets. 

Finally, the analysis identifies a vital topic centred on data governance, ethics, and 

leadership (addressed in 46.7% of the studies), indicating that the impacts of AI adoption 

increasingly require researchers and practitioners to address algorithmic bias, ethical 

leadership, and responsible technological integration (Table 3). 
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Table 3. Key Thematic Areas Identified in the Selected Studies 

Thematic 

Focus Area 

Number of 

Publications 

Percentage 

(%) 
Key Characteristics / Focus 

AI-Driven 

Strategic 

Decision & 

Performance 

27 90.0% 

Business analytics, predictive 

modelling, strategic decision 

support, operational efficiency, and 

firm performance. 

Sustainability & 

Innovation 
16 53.3% 

Environmental impacts, green 

technologies, alignment with 

SDGs, sustainable development, 

and digital innovation. 

Data 

Governance, 

Ethics & 

Leadership 

14 46.7% 

Algorithmic bias, ethical 

leadership, trust, responsible AI 

integration, and corporate data 

governance. 

To further dissect how these thematic areas are operationalized, the selected studies 

demonstrate a diverse landscape of AI technologies applied across various business 

domains. As detailed in Table 4, AI capabilities can be broadly categorised into five 

dimensions: Predictive Analytics & Machine Learning, Big Data Analytics, Generative 

AI, Expert Systems, and General DSS. Each capability serves distinct application areas, 

ranging from strategic management to human resources, supported by specific literature. 

 

Table 4. Mapping of AI Capabilities, Application Areas, and Supporting Literature 

AI Capabilities 

Dimensions 

Areas of 

Application 

Description of 

Implementation 
References 

Predictive 

Analytics & 

Machine 

Learning 

 

 Strategic 

Business 

Management 

 Marketing & 

CRM 

 Supply Chain 

& Logistics 

 Finance & 

Banking 

Utilized as decision-

support tools to 

forecast future trends, 

identify business 

expansion 

opportunities (market 

sizing, revenue 

growth), optimize 

costs, and proactively 

segment customers 

based on historical 

data. 

(Alarefi, 2022; 

Bathla et al., 

2026; Das et al., 

2024; Hanandeh 

et al., 2024; 

Kirimi, 2024; 

Krupa & 

Mullaney, 2026; 

Naji et al., 2026; 

Numbi & 

Elongha, 2025; 

Teng et al., 2026) 

Big Data & 

Business 

Analytics 

 Strategic 

Business 

Management 

 HR & 

Organizational 

Management 

 Healthcare 

Management 

Integrates massive data 

volumes to provide 

holistic insights. 

Applied to enhance 

operational efficiency, 

support digital 

governance, and 

facilitate the integration 

of smart technologies 

(Kirimi Muriira 

et al., 2026), 

(Oraif, 2024), 

(Hu et al., 2023), 

(Vagin et al., 

2022) 
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(smart cities/IoT 

infrastructures). 

Generative AI 

 Education 

Management 

 HR & 

Organizational 

Management 

 • SMEs & 

Family 

Businesses 

Implemented to 

automate 

administrative tasks, 

redesign curricula, 

formulate personalized 

practices, and 

revolutionize 

knowledge 

management processes 

to support rapid 

decision-making. 

(Kaul et al., 

2026), (Leoni et 

al., 2024) 

Expert Systems 

& Neural 

Networks 

 Education 

Management 

 HR & 

Organizational 

Management 

 Marketing & 

CRM 

Serves as institutional 

strategic advisory 

systems. These systems 

mimic human 

reasoning to solve 

complex unstructured 

problems, assisting 

management in risk 

assessment and strategy 

evaluation. 

(Hemalatha et al., 

2026), (Oraif, 

2024) 

 

Discussion 

Mapping AI Capabilities and Leadership Dimensions 

To systematically unpack the integration of artificial intelligence into strategic decision-

making, it is essential to discard the deterministic view of AI as an exogenous technical 

tool. Instead, organizational transformation through AI must be conceptualized as the 

evolution of a complex socio-technical system where technological capabilities and 

leadership dynamics co-evolve. Establishing a robust theoretical framework requires 

explicitly mapping the specific dimensions of AI capabilities against the leadership 

variables that dictate their actualized value in business environments. As detailed in Table 

5, this study identifies two main interacting variables: AI Capabilities and Organizational 

Leadership Dynamics, each comprising three foundational sub-components. 

 

Table 5. Dimensions and Descriptions of AI Capabilities and Organizational 

Leadership Dynamics 

Main 

Variables 

Dimensions / 

Sub-

Components 
Conceptual Description References 

AI 

Capabilities 

1. Data 

Infrastructure 

& Business 

Analytics 

The fundamental 

organizational capability to 

collect, integrate, and 

process large-scale data 

(Kirimi Muriira 

et al., 2026), 

(Oraif, 2024), 

(Szeberényi, 
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Main 

Variables 

Dimensions / 

Sub-

Components 

Conceptual Description References 

volumes (Big Data) to 

generate strategic insights 
that support operational 

efficiency. 

2026), (Hu et 

al., 2023), 
(Vagin et al., 

2022) 

 
2. Predictive & 

Algorithmic 

Capability 

The systematic capacity to 

employ machine learning 
algorithms (e.g., Naive 

Bayes, Neural Networks) 

for forecasting, 

autonomous resource 
allocation, risk 

measurement, and 

proactive segmentation. 

(Bathla et al., 

2026), (Teng et 

al., 2026), 
(Krupa & 

Mullaney, 

2026), 

(Hemalatha et 
al., 2026), (Naji 

et al., 2026), 

(Puranam, 
2021) 

 
3. Generative & 

Knowledge 
Processing 

The ability of AI 
technologies to automate 

cognitive tasks, formulate 

personalized solutions, and 
revolutionize knowledge 

management systems for 

improved interactivity. 

(Kaul et al., 

2026), (Leoni 
et al., 2024) 

Organizationa
l Leadership 
Dynamics 

1. Ethical 

Leadership & 

Data 
Governance 

The leader's commitment 

to ensuring responsible AI 

integration. This includes 
data privacy governance, 

mitigating algorithmic bias, 

and building digital trust 
among stakeholders. 

(Abdelfattah et 

al., 2025), 
(Rowwad & 

ALmomani, 

2025), 

(Koldovskyi, 
2025), (Numbi 

& Elongha, 

2025), (Das et 
al., 2024) 

 

2. Digital 

Mindset & 
Change 

Management 

Leadership agility in 
fostering a pro-digital 

organizational culture, 

overcoming employee 
resistance to automation, 

and facilitating technology 

adaptation through cross-

cultural communication. 

(Teng et al., 
2026), 

(Szeberényi, 

2026), (Oraif, 
2024) 

 3. Strategic The dynamic capability of (Daskalopoulos 
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Main 

Variables 

Dimensions / 

Sub-

Components 

Conceptual Description References 

Ambidexterity 

& Decision 
Comprehensive

ness 

leaders to balance 

exploitation (daily 
operational efficiency) and 

exploration (long-term 

digital innovation), 

ultimately enhancing the 
comprehensiveness of 

strategic decision-making. 

& Machek, 

2025), 
(Ganapam et 

al., 2025), 

(Zare et al., 

2025), (Hu et 
al., 2023) 

 

The Technological Frontier: Dimensions of AI Capabilities. Within this conceptual 

framework, AI capabilities operate across a spectrum of increasing cognitive complexity 

to support decision-making. At the foundational level is Data Infrastructure and Business 

Analytics, representing the organizational capacity to collect, integrate, and process large-

scale data volumes (Kirimi Muriira et al., 2026; Oraif, 2024; Szeberényi, 2026). This 

capability translates fragmented data into actionable strategic insights that heavily support 

operational efficiency (Hu et al., 2023; Vagin et al., 2022).Building upon this data 

foundation is the Predictive and Algorithmic Capability.  

This dimension encompasses the systematic employment of machine learning 

algorithms such as Naive Bayes and Neural Networks to execute autonomous resource 

allocation, conduct proactive market segmentation, and measure risk with high precision 

(Bathla et al., 2026; Naji et al., 2026; Puranam, 2021). The deployment of these predictive 

architectures significantly minimizes human intervention in routine analysis, elevating 

forecasting accuracy (Hemalatha et al., 2026; Krupa & Mullaney, 2026; Teng et al., 

2026). At the apex of this capability spectrum is Generative and Knowledge Processing. 

This dimension encapsulates the ability of AI technologies to automate complex cognitive 

tasks, formulate personalized solutions, and revolutionize knowledge management 

systems, thereby accelerating the organizational information cycle and improving 

interactivity (Kaul et al., 2026; Leoni et al., 2024). 

 

The Socio-Cognitive Curators: Dimensions of Leadership Dynamics. Despite their 

computational superiority, empirical evidence strongly indicates that advanced AI 

capabilities remain a latent, unrealized investment or a rigid "black box" without the 

presence of appropriate leadership dynamics. AI establishes the technological boundaries 

of what is possible, but leadership acts as the "cognitive curator" that moderates this 

relationship. Three critical leadership dimensions emerge as vital strategic moderators 

(Table 5): 

First, Ethical Leadership and Data Governance acts as the foundational guardrail 

for technological adoption. This dimension reflects the leader's commitment to ensuring 

responsible AI integration by mitigating algorithmic bias, establishing data privacy 

protocols, and building digital trust among stakeholders (Das et al., 2024; Numbi & 

Elongha, 2025). Without ethical governance, AI adoption risks generating discriminatory 

outcomes and reputational damage, suppressing its strategic value (Abdelfattah et al., 

2025; Koldovskyi, 2025; Rowwad & ALmomani, 2025). 
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Second, Digital Mindset and Change Management represents the leadership agility 

required to foster a pro-digital organizational culture (Oraif, 2024). Integrating AI 

inherently disrupts established workflows; therefore, leaders must expertly navigate 

employee resistance to automation and facilitate technology adaptation through 

transparent, cross-cultural communication (Szeberényi, 2026). Research indicates that a 

robust digital mindset allows leaders to perceive AI as an endogenous force capable of 

reconstructing business strategy logic, significantly contributing to the effectiveness of 

organizational transformation (Teng et al., 2026). 

Finally, Strategic Ambidexterity and Decision Comprehensiveness is the dynamic 

psychological and structural capability of leaders to manage dualities (Daskalopoulos & 

Machek, 2025). Leaders must effectively balance exploitation utilizing AI for daily 

operational efficiency with exploration leveraging technology for long-term digital 

innovation (Hu et al., 2023; Zare et al., 2025). This ambidextrous capacity ensures that 

AI does not merely automate the status quo but actively enhances the comprehensiveness 

and agility of strategic decision-making in volatile environments (Ganapam et al., 2025). 

In summation, this conceptual mapping reveals that while AI capabilities provide 

necessary analytical precision and speed, it is the socio-cognitive dimensions of 

leadership that align these algorithms with sustainable business ethics and superior 

decision-making outcomes. 

 

Mechanisms of Synergy: How AI and Leadership Co-create Decision Outcomes.  

Addressing the core research question of this study requires moving beyond a static 

mapping of variables to an examination of the dynamic interplay between human agency 

and artificial intelligence. The synthesized literature reveals that high-quality decision 

outcomes are not generated by AI in isolation, but are co-created through specific 

synergistic mechanisms where leadership dimensions actively moderate algorithmic 

outputs (Table 6). This socio-technical synergy manifests differently across various levels 

of decision-making, from tactical operations to long-term strategic alignments. 

 

Table 6. Interaction Matrix between AI Capabilities and Leadership Dynamics on 

Decision Outcomes 

AI 

Capabilit

y Type 

Decision-

Making Level 

Organization

al Mediator 

Interaction 

Mechanism & 

Outcome 
References 

Predictiv
e 
Analytics 
& 
Machine 
Learning 

Strategic Long-

Term & 

Tactical 

Expansion 
 
 
(Market 

expansion, 

macro resource 

allocation, risk 

assessment) 

Digital 

Mindset & 

Organizatio

nal Culture 
 
 
(Data 

readiness and 

employee 

training) 

Mechanism: 
Leaders 

integrate a 

digital 

mindset to 

reduce 

resistance to 

automation. 

They utilize 

predictive 

outputs as a 

foundation, 

(Bathla et al., 
2026), (Oraif, 
2024), (Teng 
et al., 2026) 
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moderating it 

with strategic 

intuition to 

prevent 

"algorithmic 

tunnel 

vision". 
 
 
 

Outcome: 
Enhanced 

precision in 

expansion 

strategies, 

faster 

decision-

making, and 

smoother 

analytics 

adoption. 

Generati
ve AI & 
Knowled
ge 
Processin
g 

Operational & 

Tactical 
 
 
(Knowledge 

management, 

process/curricul

um redesign) 

Ethical 

Leadership 

& Data 

Governance 
 
 
(Ethical 

governance, 

privacy, and 

integrity) 

Mechanism: 
Leaders act 

as "human-

in-the-loop" 

validators of 

generative 

outputs. 

Ethical 

leadership 

actively 

mitigates 

hallucination 

risks and 

controls 

Automation 

Bias (blind 

trust in 

machines). 

 
 
 

Outcome: 
Optimization 

of knowledge 

management 

(Kaul et al., 
2026), (Leoni 
et al., 2024), 
(Szeberényi, 
2026) 
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Predictive Analytics and the Mitigation of Algorithmic Tunnel Vision At the 

strategic long-term and tactical expansion levels such as market entry, macro resource 

allocation, and risk assessment the primary technological drivers are Predictive Analytics 

processes 

with high 

interactivity 

while 

maintaining 

ethical 

compliance 

and 

professional 

integrity. 

General 

AI & 

Hybrid 

DSS 

Multi-Level 

Alignment 
 
 
(Balancing daily 

efficiency with 

strategic 

innovation) 

Dynamic 

Managerial 

Capabilities 

& Cross-

cultural 

Leadership 
 
 
(Dynamic 

capabilities & 

leadership) 

Mechanism: 

Leaders 

leverage AI 

ambidextrous

ly. AI 

handles 

operational 

efficiency 

(exploitation)

, freeing the 

leader's 

cognitive 

capacity for 

innovation 

(exploration). 

This prevents 

Anchoring 

Bias. 

 
 
 

Outcome: 
Resilient 

organizationa

l 

transformatio

n, business 

growth 

aligned with 

SDGs, and 

sustained 

competitive 

advantage. 

(Daskalopoul
os & 
Machek, 
2025), 
(Kirimi 
Muriira et 
al., 2026), 
(Teng et al., 
2026) 
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and Machine Learning (e.g., Naive Bayes, Neural Networks) (Bathla et al., 2026). While 

these algorithms excel at identifying patterns within historical data, they inherently suffer 

from "algorithmic tunnel vision," a rigidity that fails to account for unprecedented market 

anomalies or qualitative contextual shifts. The literature demonstrates that the mechanism 

to unlock the value of these predictive tools is the organizational mediator of a Digital 

Mindset and Organizational Culture (Oraif, 2024). Leaders equipped with a digital 

mindset do not accept algorithmic outputs as absolute directives; instead, they utilize 

predictive analytics as an objective foundational baseline. By moderating machine-

generated probabilities with strategic human intuition, leaders reduce organizational 

resistance to automated analytics and prevent rigid adherence to historical data (Teng et 

al., 2026).  

The outcome of this interaction is a significantly enhanced precision in expansion 

strategies, faster decision-making cycles, and a smoother, culturally accepted adoption of 

analytics across the organization (Bathla et al., 2026; Oraif, 2024). Generative AI, Ethical 

Governance, and the "Human-in-the-Loop" Validator At the operational and tactical 

levels, particularly concerning knowledge management, workflow optimization, and 

curriculum redesign, Generative AI and Knowledge Processing systems have become 

increasingly prevalent (Leoni et al., 2024). The distinct risk associated with Generative 

AI is not rigidity, but factual inaccuracy (hallucinations) and the subsequent threat of 

"Automation Bias"—the human psychological tendency to blindly trust fluent, machine-

generated outputs without critical evaluation (Kaul et al., 2026).To counteract this, the 

critical interaction mechanism relies on Ethical Leadership and Data Governance 

(Szeberényi, 2026). In this context, leaders act as mandatory "human-in-the-loop" 

validators. Ethical leadership imposes rigorous governance guardrails, ensuring that AI-

generated insights are critically evaluated against professional integrity standards and 

data privacy regulations before implementation. This vigilant moderation ensures the 

optimization of knowledge management processes and maintains high interactivity, while 

firmly safeguarding the organization against ethical compliance failures and cognitive 

complacency (Kaul et al., 2026; Leoni et al., 2024; Szeberényi, 2026). 

Hybrid DSS, Strategic Ambidexterity, and Cognitive Liberation At the highest level 

of multi-level alignment, organizations employ General AI and Hybrid Decision Support 

Systems (DSS) to achieve complex strategic goals, such as balancing daily operational 

efficiency with long-term sustainable innovation (Kirimi Muriira et al., 2026). This 

requirement to manage dualities demands the organizational mediator of Dynamic 

Managerial Capabilities and Cross-Cultural Leadership (Daskalopoulos & Machek, 

2025). The interaction mechanism here can be conceptualized as cognitive liberation 

through Strategic Ambidexterity. Leaders deliberately delegate data-intensive, routine 

operational decisions (exploitation) to hybrid DSS. This delegation liberates the cognitive 

capacity of executive leadership, allowing them to focus their intellectual resources on 

complex, high-ambiguity tasks such as cross-cultural negotiation, ethical alignment, and 

disruptive innovation (exploration) (Teng et al., 2026). This synergistic delegation 

directly mitigates human "Anchoring Bias" where leaders overly rely on initial 

information by ensuring that tactical decisions are consistently data-driven while strategic 

visions remain unbounded by computational limits. The ultimate outcome of this 

interaction is a resilient organizational transformation, sustained competitive advantage, 

and business growth that actively aligns with broader societal and Sustainable 

Development Goals (SDGs) (Daskalopoulos & Machek, 2025; Kirimi Muriira et al., 

2026). In summary, the mechanisms of synergy demonstrate that AI strengthens business 
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leadership decisions by functioning as an advanced cognitive prosthesis. It provides 

computational speed and accuracy, but strictly requires the 

contextual intuition, ethical bounding, and ambidextrous orchestration of human leaders 

to translate analytical potential into robust strategic outcomes. 

 

The Socio-Technical Synergy: Overcoming Algorithmic Bounded Rationality 

While artificial intelligence significantly expands the computational boundaries of 

organizational decision-making, it introduces a novel theoretical constraint 

conceptualized in this review as Algorithmic Bounded Rationality. Historically, bounded 

rationality referred to the cognitive and informational limitations of human managers. In 

the digital paradigm, however, the boundaries have shifted. AI possesses near-limitless 

data processing capabilities but is strictly bounded by its inability to comprehend 

contextual nuances, moral ambiguity, and unquantifiable social dynamics. The 

synthesized literature demonstrates that these algorithmic constraints cannot be resolved 

through technological upgrades alone; they require robust leadership mitigation strategies 

to transform technological vulnerabilities into sustained strategic competitiveness (Table 

7). 

 

Table 7. Algorithmic Bounded Rationality and Leadership Mitigation Strategies 

Algorithmic 

Constraints 

Leadership & 

Governance 

Response 

Strategic Impact on 

Competitiveness 
References 

Data Bias & 

Ethical Blind 

Spots 
 
 
AI models 

inherit 

historical 

biases from 

training data 

and lack a 

moral 

compass, 

potentially 

triggering 

digital 

disparities and 

ethical friction. 

Ethical 

Leadership & 

Robust Data 

Governance 
 
 
Leaders 

establish strict 

governance 

frameworks 

(guardrails), 

implement 

ethical 

accountability 

models, and 

actively monitor 

algorithms for 

fairness. 

Sustained Brand 

Trust & SDG 

Alignment 
 
 
Maintains brand 

reputation, builds 

digital trust among 

stakeholders, and 

ensures economic 

growth aligns with 

SDGs. 

(Kirimi Muriira 
et al., 2026), 

(Szeberényi, 

2026), (Naji et 

al., 2026), 
(Rowwad & 

ALmomani, 

2025) 

Contextual 

Rigidity & 

"Black Box" 

Opacity 

Strategic 

Ambidexterity 

& "Human-in-

the-Loop" 

Agility & Decision 

Comprehensiveness 
 
 

(Bathla et al., 

2026), 
(Daskalopoulos 

& Machek, 

2025), (Hu et 
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Algorithmic 

Constraints 

Leadership & 

Governance 

Response 

Strategic Impact on 

Competitiveness 
References 

 
 
Machine 

Learning 

algorithms 

often assume 

feature 

independence 

rigidly and fail 

to respond to 

complex 

market 

anomalies 

outside 

historical data. 

 
 
Leaders adopt 

dynamic 

capabilities by 

balancing 

machine 

efficiency with 

human 

exploration. AI 

is used as 

Decision 

Support, not an 

absolute 

decision-maker. 

Enhances 

organizational agility 

in disruptive 

environments, 

preventing fatal 

strategic failures and 

generating long-term 

advantage. 

al., 2023) 

Factual 

Inaccuracies 

& Cognitive 

Outsourcing 
 
 
Generative 

AI's tendency 

to produce data 

hallucinations 

can reduce 

human critical 

thinking and 

weaken human 

resource 

integrity. 

Digital Mindset 

& Change 

Management 
 
 
Cross-cultural 

leadership 

proactively 

trains employees 

for AI-

augmented 

work, fostering 

digital literacy 

and critical 

evaluation skills. 

Future-Ready 

Ecosystem & 

Innovation 

Capability 
 
 
Creates a future-ready 

work ecosystem 

where technological 

innovation runs 

parallel to human 

intellectual quality. 

(Kaul et al., 

2026), (Teng et 

al., 2026), 
(Oraif, 2024) 

Data Bias and Ethical Blind Spots. The most pervasive constraint of Algorithmic 

Bounded Rationality is the inheritance of data bias and the existence of ethical blind spots. 

AI models are trained on historical datasets that often contain embedded prejudices, and 

algorithms inherently lack a moral compass to self-correct these disparities. Unmitigated, 

this leads to discriminatory outcomes, digital disparities, and severe ethical friction that 

can damage corporate reputation. To overcome this, the required organizational response 

is Ethical Leadership and Robust Data Governance (Rowwad & ALmomani, 2025; 

Szeberényi, 2026). Leaders must establish stringent ethical guardrails and implement 

continuous fairness audits to monitor algorithmic outputs. By acting as the moral 

adjudicators of AI systems, ethical leaders ensure that automated decisions remain 

transparent, accountable, and fair (Naji et al., 2026). The strategic impact of this 
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mitigation is profound: organizations successfully governing AI ethics sustain long-term 

brand trust, secure stakeholder loyalty, and align their digital growth with broader global 

targets, such as the Sustainable Development Goals (SDGs) concerning decent work and 

inclusive innovation (Kirimi Muriira et al., 2026). 

Contextual Rigidity and "Black Box" Opacity. A second critical constraint lies in 

the contextual rigidity and the "black box" nature of complex algorithms. Machine 

learning systems, such as Naive Bayes or deep neural networks, often assume strict 

feature independence and operate within closed mathematical parameters (Bathla et al., 

2026). Consequently, they exhibit "algorithmic tunnel vision," rendering them brittle and 

incapable of adapting to unprecedented market anomalies or sudden disruptive crises that 

fall outside their historical training data (Hu et al., 2023). The leadership mitigation 

strategy for this opacity is the deployment of Strategic Ambidexterity and "Human-in-

the-Loop" mechanisms (Daskalopoulos & Machek, 2025). Leaders must adopt dynamic 

capabilities that consciously balance machine efficiency with human exploration. Rather 

than treating AI as an absolute oracle, ambidextrous leaders position AI strictly as a 

decision-support mechanism, deliberately injecting human intuition and contextual 

awareness into the final decision nodes. This socio-technical synergy enhances 

organizational agility, preventing fatal strategic errors during volatile periods and 

ensuring comprehensive decision-making that mathematical models cannot achieve alone 

(Bathla et al., 2026; Daskalopoulos & Machek, 2025). 

Factual Inaccuracies and Cognitive Outsourcing. With the rapid proliferation of 

Generative AI, a third constraint emerges: factual inaccuracies (hallucinations) and the 

risk of cognitive outsourcing. The fluency of generative models can induce automation 

complacency, where human employees defer critical thinking to the machine, thereby 

eroding the organization's intellectual capital and leading to flawed tactical executions 

(Kaul et al., 2026). To mitigate the erosion of human judgment, leaders must enact a 

Digital Mindset combined with Agile Change Management (Oraif, 2024). Cross-cultural 

and transformational leaders proactively address skills anxiety by investing in continuous 

upskilling and reskilling programs (Teng et al., 2026). They foster a culture of digital 

literacy where employees are trained not just to operate AI, but to critically interrogate 

and audit machine-generated outputs. The strategic impact of this leadership intervention 

is the creation of a "future-ready" work ecosystem (Kaul et al., 2026). In this ecosystem, 

technological innovation runs parallel to the continuous enhancement of human 

intellectual quality, driving a sustainable innovation capability that competitors cannot 

easily replicate (Oraif, 2024; Teng et al., 2026). Ultimately, overcoming Algorithmic 

Bounded Rationality confirms that the highest order of competitive advantage in the AI 

era does not belong to organizations with the most sophisticated algorithms, but to those 

with the most synergistic integration of machine precision and human leadership. 

 

Conclusion 

In conclusion, this systematic review establishes that AI capabilities and organizational 

leadership dynamics are fundamentally interdependent in strengthening business 

decision-making. The synthesized literature overwhelmingly shifts the paradigm from 

treating AI as an autonomous technological solution to conceptualizing it as a cognitive 

agent within a broader socio-technical system. To overcome Algorithmic Bounded 

Rationality manifested through data bias, contextual rigidity, and generative 

hallucinations organizations must actively cultivate digital mindsets, execute agile change 
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management, and enforce strict ethical data governance. Ultimately, AI does not replace 

executive leadership; rather, it functions as a cognitive prosthesis that liberates human 

capacity for strategic exploration while demanding rigorous moral and contextual 

curation. Organizations that successfully master this human-AI complementarity will not 

only achieve superior decision-making comprehensiveness but also sustain long-term 

competitive resilience in the digital era. The theoretical contribution of this study extends 

Socio-Technical Systems Theory through a 'Triple Helix' model of strategic evolution, 

shifting the discourse from human cognitive limits to machine-based constraints. 

Practically, corporate executives must evolve into "trust curators" and human-in-the-loop 

validators. Organizations are urged to reallocate investments proportionally toward 

human capital development fostering digital literacy, change management, and cross-

cultural intelligence to mitigate automation complacency and structural resistance. Future 

Research Directions Methodologically, the literature reveals a critical gap due to the 

complete absence of purely qualitative and observational case studies. Future research 

must prioritize in-depth ethnographic methodologies to examine real-time psychological 

dynamics and operational friction between human managers and AI systems. 

Furthermore, as Generative AI advances, scholars should explore "consciousness-aware" 

frameworks to address leadership accountability, ethics, and cross-cultural adaptations in 

global workforces. 

 

Limitation 

The literature sample is dominated by quantitative/empirical approaches (50%), 

conceptual/model-based studies (36.7%), and literature reviews (13.3%), while exhibiting 

a complete absence of qualitative research based on in-depth case studies (0%). Database 

Inclusivity Limitations: The search for sample articles was restricted to a single database, 

Scopus. Journal Access Filter Criteria: Sampling was limited to reputable Open Access 

academic journals, potentially excluding other relevant studies that are Closed Access. 
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